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e Heatmaps of State-Visitation Frequencies
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Sample Heatmaps for Transfer with VFunc on Grid 3
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Results: MiniGrid

@ MUIti-ROOm EnVS [2]: Name # Rooms Room Size Type

- N2S4 2 4 Source -
Static N R Conclusions
DynamlC N3S4 3 4 Target

e Transfer Results on MiniGrid [A2C]: ° Igiizr;eedlg:;%igpolicy by pre-trainingav;itcr:)r\]lﬂlzg:\ecdc:cr)l.

o Pre-training with other PG algorithms on source
| P M PR o Training from scratch on target
e Difference more apparent with increasing difficulty level
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